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Medium-range weather prediction WeatherBench

Z500 [m?2s?] T850 [K]
Model
3 days 5 days 3 days 5 days
Rasp & Thuerey 316%24 563%3.1 1.80%0.-02 2.84%0.03
- 2x wide 310%20 55528 176003 278001
LRLCN 29014 549%1.9 1.73%0.03 2.79%0.01
ViT 43828 638%3-1 2.24%0.04 2.88+0.03
SMoE 270%2.0 525+2.0 1.66%0.02 2.60%0.01

[Rasp et al., 2020; Rasp & Thuerey, 2021; Ashkboos et al., 2022; Elsayed et al., 2020; Dosovitskiy et al., 2021]
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Medium-range weather prediction WeatherBench

Z500 [m?2s?] T850 [K]
Model

3 days 5 days 3 days 5 days
Rasp & Thuerey 31624 563%31 1.80%0-02 2.84%0:03
- 2x wide 310120 555:28 176003 2 78001
LRLCN 290%14 54919 173003 ) 79001
ViT 438128 £38f1  224%004 ) 8g003
SMoE 270%20 525%2.0 1.660-02 2.60%0.01
R&T (pretrained) 26718 500%24  1.66%*003 243002
SMoE (pretrained) 253#21 48817 1,57%0:02 2342002
= + extra ERAS 232#L5 440%12 146002 219001
-+ 1.4° 19818 382120 142000 ) (G002

[Rasp et al., 2020; Rasp & Thuerey, 2021; Ashkboos et al., 2022; Elsayed et al., 2020; Dosovitskiy et al., 2021]
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Medium-range weather prediction WeatherBench Ensemble post-processing ENS-10

Z500 [m?2s?] T850 [K]
Model

3 days 5 days 3 days 5 days
Rasp & Thuerey 31624 563%31 1.80%0-02 2.84%0:03
- 2x wide 310120 555:28 176003 2 78001
LRLCN 290%14 54919 173003 ) 79001
ViT 438128 £38f1  224%004 ) 8g003
SMoE 270%20 525%2.0 1.660-02 2.60%0.01
R&T (pretrained) 26718 500%24  1.66%*003 243002
SMoE (pretrained) 253#21 48817 1,57%0:02 2342002
= + extra ERAS 232#L5 440%12 146002 219001
-+ 1.4° 19818 382120 142000 ) (G002

[Rasp et al., 2020; Rasp & Thuerey, 2021; Ashkboos et al., 2022; Elsayed et al., 2020; Dosovitskiy et al., 2021]
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Medium-range weather prediction WeatherBench Ensemble post-processing ENS-10

T + 3 or 5 days

o RN e :u,‘-"

Z500 [m?2s?] T850 [K]
Model

3 days 5 days 3 days 5 days
Rasp & Thuerey 31624 563%31 1.80%0-02 2.84%0:03
- 2x wide 310120 555:28 176003 2 78001
LRLCN 290%14 54919 173003 ) 79001
ViT 438128 £38f1  224%004 ) 8g003
SMoE 270%20 525%2.0 1.660-02 2.60%0.01
R&T (pretrained) 26718 500%24  1.66%*003 243002
SMoE (pretrained) 253#21 48817 1,57%0:02 2342002
= + extra ERAS 232#L5 440%12 146002 219001
-+ 1.4° 19818 382120 142000 ) (G002

[Rasp et al., 2020; Rasp & Thuerey, 2021; Ashkboos et al., 2022; Elsayed et al., 2020; Dosovitskiy et al., 2021]
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Medium-range weather prediction Ensemble post-processing ENS-10

Z500 [m?2s?] T850 [K]
Model
3 days 5 days 3 days 5 days Z500 [m2s?] T850 [K] T2M [K]
Rasp & Thuerey 316%%4 5631 1.80%002  2.842003 Model 5ens 10ens 5ens 10ens 5ens 10ens
-2x wide 310%20 55528 176003 2 78001 EMOS  79.12:012 78.80%021 (.721%0:01 0,706%004 0.720%0-00 (.7171%0.03
LRLCN 290%14 54919  173%003 ) 79001 § U-Net  76.54020 76,18%0.12 0,685%0-00 0.670%001 0.657+0.01 (.644+0.01
ViT 438%28 638131 224004 ) gg0.03 ' sMoE 68.94:014 §7.430-12 (,612:001 0.590%0-02 0.601:0-92 0.594:0.02
SMoE 270%20 52520 166002  2,60%0.01 o EMOS  29.21#01% 29,0201 0.247:0%0 0.245%0? 0.244:000 0.241:097
R&T (pretrained) 267418 500824  1.66%003 243002 S U-Net  27.78:0.11 27,55:019 230001 ,2290.01 (,225:0.00 ( 22(*0-0L
SMoE (pretrained) 253+ 48817 1.570:02  2.34#0.02 S sMor 23.79020 23,10%0-16 .207+0-03 0.197+0-03 0,199:0.01 0,190*0.02
= + extra ERAS 232%15 440%12  1.46%002  2.19%001
- +1.4° 19818 382120  1.42%000 ) 06002

[Rasp et al., 2020; Rasp & Thuerey, 2021; Ashkboos et al., 2022; Elsayed et al., 2020; Dosovitskiy et al., 2021]



